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_ 2 T.M.Michell, “Machine Leaming”, McGraw-Hill, 199
- , | Sk Lutt, Subramanian Chandramouli, Amit Kumar Das, “*Machine Learnipg”, Pearson.
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S.No.  AUTHORS, gs_@ggg TITLE, EDITION, PUBLISHER, YEAR OF PUBLICATION |
I Ethern A ?”:; aydi “Introduction to ‘vlac:hme Leamning”, MIT Press, 2004. i
Z  Stephen Mars) ﬁ;.:,, ‘Machine Leammg -An Algorithmic Perspective”, Second Edition,
Chiapman and Hall/C 2 Machine Learning and Pattern Recognition Series, 2014.

— & " 7 ATWSIIUON Senes, 4
.ndrezs C. Miiller and Sarah Guido “Introduction to Machine Learning with

| Guide for Data Scientists”, Urf-:L___________.
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Andrew Ng, “Machine Learning Yearning” https:ﬁww.deepleannng.alfmacjune-leammg-
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Shai Shalev-Shwartz, Shai Ben-David, “Understanding Machine Learmng From Theory to
Algorithms”, Cambridge University Press
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